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ABSTRACT
High rates of soil organic carbon (SOC) loss from cropland soils are well known, contributing to climate change and compromis-
ing soil and ecosystem health. Stabilising and reversing the loss of organic matter from cropland soils is a challenge for all nations 
to meet the United Nations Sustainable Development Goals. Sustainable land management (SLM) has been promoted as a mech-
anism of achieving this, but to date, there is no evidence of positive impacts at scale. Here we show the first signs of the reversal 
of soil carbon loss in cultivated topsoils in Great Britain, following a period of reported SLM uptake, using 40+ years of national 
soil monitoring from the UKCEH Countryside Survey. Following a prolonged historic decline at rates of −0.16 t ha−1 year−1, there 
was a significant increase in cropland topsoil SOC stocks (0–15 cm) from 2007 to 2019–22 with an accrual rate of 0.17 t ha−1 year−1, 
approximately 0.74 MtC year−1 nationally. We discuss reported management shifts in Great Britain in the corresponding period 
and identify a reduction in conventional tillage and reduced straw removal as potential drivers, but highlight additional evidence 
gaps worthy of consideration. This increase in topsoil SOC may represent net carbon sequestration or carbon redistribution (geo-
graphic or vertical) but nevertheless demonstrates that topsoil properties can be restored at scale and offers hope that a concerted 
effort by land managers can halt, and potentially reverse, SOC loss from cropland soils.

1   |   Introduction

Soil organic carbon (SOC) is widely recognised as an integral 
part of a soil's capacity to function and support ecosystem ser-
vices (Blanco- Canqui et al. 2013; Kopittke et al. 2022; Powlson 
and Galdos 2023) and it is estimated that a third of global soils 
are rapidly losing this resource (FAO and ITPS 2015). As facets 
of “soil health”, this includes the ability of soils to support ag-
ricultural productivity, biodiversity, and flood and drought re-
silience, which have each been specifically associated with the 

presence or restoration of soil organic matter (Lal 2004; Moinet 
et al. 2023). Soil carbon is the largest stock of terrestrial carbon, 
at ~2500 PgC in the top metre of soil alone (Lal et al. 2021), and 
efforts to not only protect this stock but to sequester atmospheric 
CO2 in this form are widely pursued as a mechanism contribut-
ing to Net- Zero emissions. Soils used for intensive cultivation 
are particularly susceptible to SOC loss (Sanderman et al. 2017) 
and have become a hotspot for efforts to mitigate SOC loss in 
recent years. Soils furthest from their mineralogical capacity to 
store carbon (i.e., the most degraded) have also been shown to 
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have some of the greatest potential for SOC recovery (Georgiou 
et al. 2022). Estimates from a global meta- analysis suggest con-
version of pasture to cropland causes a 60% reduction in carbon 
stocks (Guo and Gifford 2002), demonstrating that most crop-
land exists well below mineralogical capacity. Updating our un-
derstanding of the current status and trajectory of cropland SOC 
is key to establishing a robust baseline against which future res-
toration efforts can be assessed. When paired with historic data, 
monitoring cropland SOC can also show what has or has not 
been achieved by recent policy and management shifts.

The restoration of SOC in managed soils has been described as a 
challenge of “daunting complexity” (Moinet et al. 2023), and ev-
idence of large- scale success for SOC restoration is lacking. SOC 
restoration is a priority under numerous recent policy initiatives 
and targets implemented at both national and international 
scales and underpinning multiple Sustainable Development 
Goals (in particular Zero Hunger, Climate Action and Life on 
Land) (DEFRA 2018; Panagos et al. 2022; Rumpel et al. 2018; UN 
General Assembly 2015). The objective of protecting and restor-
ing SOC on managed soils is proposed through the use of a suite 
of sustainable land management (SLM) practices that minimise 
soil disturbance or enhance the amount of organic matter enter-
ing the soil. Existing guidance on SLM practice is variable, and 
data on uptake is difficult to obtain at national scales. Estimates 
from 2019 suggest that 48% and 7% of cropland in England is cul-
tivated by minimum tillage and zero tillage, respectively, having 
increased from approximately 35% reduced tillage in the 1970s 
and a low of 25% in 1988 (Alskaf et al. 2020). A recent survey of 
UK cropland showed 92% of respondents consider themselves 
to be practising sustainable soil management in some form, 
although the management practices themselves were variable, 
with the most frequently used practices (40%–50% respondents) 
being manure application, cover crops and diversified rotations, 
and not all combinations covered all regenerative agriculture 
principles (Jaworski et al. 2023).

Despite this apparent success in SLM uptake, there remains 
widespread debate and critique of proposed managements and 
targets for SOC restoration. Alongside the advocates of SLM's 
potential for soil health (Padarian et al. 2022; Smith 2004; Smith 
et al. 2000), justifiable concerns have been raised about the abil-
ity of SLM regimes to meet policy targets for SOC restoration, 
in light of practical, economic, and biological limitations on 
the ground (Berthelin et  al.  2022; Janzen et  al.  2022; Moinet 
et  al.  2023; Smith et  al.  2005). A qualitative review of the ev-
idence underpinning different managements for below- ground 
carbon sequestration in England found that the supporting 

primary evidence was often limited or highly context- specific 
for croplands (Bentley, Feeney, Matthews, Evans, et  al.  2023). 
Further, a recent review of the global evidence supporting the 
use of cover crops for SOC restoration concluded that the evi-
dence was generally weak and resulting effect sizes would be 
much lower than previously reported (Chaplot and Smith 2023). 
More broadly, the value of cropland soil management for carbon 
sequestration has been questioned, highlighting the challenges 
of sequestering and preserving carbon in cropland soils and 
instead calling for the prioritisation of soil health restoration 
(Baveye et  al.  2023; Berthelin et  al.  2022; Moinet et  al.  2023). 
Thus far, there has been little empirical evidence of the potential 
for management change to impact SOC trends at scale. However, 
following decades of reported policy and management shifts in 
favour of SOC restoration, there is now an opportunity to exam-
ine the impact this has had at a national scale, with implications 
for the wider feasibility of cropland SOC restoration.

The UKCEH Countryside Survey (CS) is the world's longest run-
ning integrated national monitoring programme, which began 
in 1978 and has just completed a new monitoring cycle. It uses 
a stratified random design to assess the stock and change in soil 
health metrics at national scales. CS reported the loss of 11% of 
cropland topsoil SOC between 1978 and 2007 in Great Britain 
(GB) (Emmett et al. 2010). It has been estimated that soil deg-
radation in England and Wales had a cost of £1.2 bn ($1.53 bn) 
per year in 2010, with the loss of organic matter contributing 
between £500 and 600 million (Environment Agency  2019). 
In 2019, given the importance of the SOC debate, CS evolved 
from decadal monitoring to a rolling monitoring program. Here 
we report on the latest findings from the new monitoring cycle 
(CS2020, conducted from 2019 to 2023) which covers a represen-
tative sample of soils in GB and includes samples from > 1600 
plots to date (Figure  1). Previous monitoring cycles were con-
ducted in 2007, 1998 and 1978 (Emmett et al. 2010) with compo-
nents of the soils research published in Reynolds et al. (2013) and 
Keith et al. (2015). Using this unique dataset, national changes 
in SOC concentration and stock are reported for the last 15 and 
45 years for a subset of the data relating to cropland systems and 
discussed in the context of shifting land management practices.

2   |   Materials and Methods

The UKCEH Countryside Survey is a unique “audit” of the 
natural resources of the UK‘s countryside. The countryside is 
sampled and studied using scientific methods that allow us to 
compare current results with those from previous surveys. In 
this way, we can detect the gradual and subtle changes that 
occur over time. Monitoring campaigns in 1978, 1998, and 2007 
were conducted within a single year, visiting all sampling units 
within the same calendar year. For current (CS2020) and future 
monitoring cycles, the UKCEH Countryside Survey has adopted 
a rolling annual programme to increase the granularity of the 
temporal resolution of the monitoring, making it more robust to 
unusual climatic conditions in a given year, which have the po-
tential to influence soil pH and bulk density in particular. From 
the outset, the CS was designed to capture and integrate across 
multiple metrics (Carey et al. 2008; Wood et al. 2018). Currently, 
the scope of the monitoring programme has been reduced to 
focus on co- located soil and vegetation metrics, which have 

Summary

• First sign that national trends of cropland SOC loss 
(11% from 1978 to 2007) have reversed in GB topsoils.

• Monitored SOC stocks increased by 0.34% annually 
(0.17 t ha−1 year−1) from 2007 to present.

• SOC recovery coincides with a period of sustainable 
management uptake in the UK.

• The result suggests that management can reverse SOC 
loss from topsoils in practice at scale.
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now been collected and published for the CS2020 monitoring 
cycle (vegetation data can be found in an accompanying data set 
on the Environmental Information Data Centre alongside the 
soils data).

2.1   |   Countryside Survey Sampling Design

The Countryside Survey is designed to capture a nationally 
representative sample of the Great British countryside (there-
fore excluding marine and urban environments) and uses a 
stratified random sample design. The strata used capture fun-
damental sources of ecological variation within the UK (includ-
ing soil forming factors), that are largely static and consistent 
over time, including parent material, relief, and climate (Bunce 
et al. 1996). Those strata are then sampled randomly and propor-
tionally to strata land area, with more sampling units selected in 
the larger strata (although see below for exceptions to this prior 
to 2007 and how that is accounted for). The overall sample is 
considered to be representative of GB whilst ensuring that less 
common land classes are represented within the sample with 
greater sampling efficiency than a purely random sample can 
achieve (Robinson et al. 2024). The sampling units used in CS 
are 1 km× 1 km squares corresponding to the British National 
Grid, with multiple plots established within each square to pro-
vide replication that are then revisited each monitoring cycle. 
Whilst replication at the square level is critical to the design, it is 
not with the intention of providing robust characterisation at the 
square level. Full replication, and therefore robust characterisa-
tion, is achieved at the strata level. The design has evolved over 
time with policy needs and computational capabilities, primar-
ily to increase the total sample size of 1 km squares and increase 

the number of distinct strata, whilst maintaining the same core 
design principle and compatibility over time. A full record of 
changes to the survey design from CS1978 to CS2007 is provided 
in Barr and Wood (2011), with an overview of changes provided 
below. For additional information on the history and sampling 
design of the Countryside Survey otherwise beyond the scope of 
this paper, please see the Supporting Information.

The first CS was carried out in 1978 using 256 × 1 km squares 
across 32 ITE land classes (Table S1, Bunce et al. 1996, 1990). 
In 1978, 8 squares per strata were sampled, which was de-
termined as the minimum viable sampling intensity for re-
porting. However, this resulted in an over- representation of 
smaller land classes, which was accounted for in design- based 
analyses by incorporating weights relating to inclusion prob-
abilities. Soil organic matter was sampled via loss on ignition 
for those same 256 squares (8 × 32 strata) in both CS1978 and 
CS1998. In CS2007, a superior approach could be adopted 
with increased resource availability and increased reporting 
requirements, where each strata was sampled according to its 
size. As a consequence, the number of 1 km squares increased 
to 591. This larger sample included all pre- existing squares 
but added additional squares so that each land class is sam-
pled relative to its area and to ensure compatibility with more 
resolved strata. At the same time, the original 32 land classes 
were refined to produce 45 classes in the current ITE Land 
Classification of Great Britain (Bunce et  al.  2007) that are 
compatible with reporting for Great Britain and the devolved 
nations. These 45 classes, which can be mapped easily to the 
original 32, have remained in use from CS2007 onwards (Barr 
and Wood 2011). In CS2020, 500 1 km2 squares were sampled, 
selected from within the 591 surveyed in 2007 to preserve 

FIGURE 1    |    Map of CS2020 survey squares, resurveyed locations (2019–2022) and resurveyed cropland sites (2019–2022) at 10 km resolution 
(left). Map of cropland sites over GB cropland area, provided by Land Cover Map 2020.
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the relative sampling efforts per land class. All of the original 
squares from 1978 were prioritised for resurvey to give a repeat 
sampling over the longest period to identify change in subse-
quent analysis. Consistent with the definition of the sampling 
domain since the inception of CS (i.e., the exclusion of urban 
and marine environments), any square that now contained 
more than 75% of urban land or that was more than 90% sea 
(defined by UKCEH Land Cover Map 2007 and the UK Census 
mean high tide data) was excluded from the sample. Although 
the sampling coverage of the strata was not directly represen-
tative in the 1978 and 1998 datasets, the analytical approach 
described below mitigates the effect of this on contemporary 
analyses (Scott 2008; Black et al. 2008).

To provide replication for the sampled strata, five plots were 
established within each 1 km square using a random sample 
from within five equal- area segments within the square (Wood 
et al. 2018). These plots are revisited in each subsequent mon-
itoring cycle, subject to changing access permissions, for the 
purpose of co- located soil and vegetation sampling. These are 
referred to as plots in this paper, but are called ‘X plots’ or Walley 
plots in other publications from the CS (Emmett et  al.  2010; 
Maskell et al. 2008; Wood et al. 2018). Plot relocation is achieved 
through the use of detailed field sketch maps, photographs and 
in modern monitoring cycles, GPS (from 1998 onwards) (Smart 
et al. 2023). Plots also contain a metal plate to facilitate accurate 
relocation, using a metal detector. Additional quality assurance 
is carried out after the field survey to confirm plot relocation 
by inspecting site photos, field maps and GPS data for consis-
tency between monitoring cycles. If it is suspected that a plot has 
not been accurately relocated in a given monitoring cycle, then 
associated records are assigned a new identity for analysis and 
not considered a repeat of previous sampling. Data from CS2007 
showed 85% of plots were relocated over all habitat types (Wood 
et al. 2018). A further description of the plot relocation proce-
dures is published in Wood et al. (2018). A summary of the num-
ber of 1 km squares and plots in each monitoring cycle of the 
Countryside Survey is provided in the supplement (Table  S1) 
along with further information about the Countryside Survey 
methodology in Section 2.3.

2.1.1   |   Soil Sampling

Soil samples (0–15 cm) were collected from the five randomly 
located plots within each survey square, subject to access per-
mission from landowners, using a 15 cm long × 5 cm diameter 
cylindrical soil core (Robinson et al. 2023). In practice, an aver-
age of 4.4 plots were visited per 1 km square across all habitats 
in CS2020. At each plot, soil cores are sampled from 15 cm out-
side of a central 2 m × 2 m quadrat used for vegetation monitor-
ing and within the bounds of a larger quadrat which extends 
up to 14 m × 14 m (Wood et al. 2017). In each monitoring cycle, 
the corner of the 2 m × 2 m quadrat from which the soil samples 
are taken is rotated relative to the previous monitoring cycle. 
Whilst this introduces short range variation (2–3 m) between 
resamples, it was considered a higher priority to minimise the 
chance that samples were affected by disturbance in prior mon-
itoring visits. All measurements used in this analysis are col-
lected from a single 15 cm core per plot and are thus directly 
comparable.

Pilot studies of the sampling method have concluded a single 
core is sufficient in the context of the monitoring design and 
objectives, providing the required consistency in measurement 
across a five different soil types whilst being feasible for the field 
teams to implement in practice when compared to five differ-
ent core sampling approaches and a soil pit extraction method 
(Emmett et al. 2008). We acknowledge that the use of a single 
core will introduce additional variability to repeat samples for 
a given plot (Lark 2012), as a result of short- range variation in 
soil properties, but (a) this is not expected to introduce any sys-
tematic bias to the dataset and (b) this variation is taken into ac-
count when determining the sampling effort (squares) across the 
survey to ensure we retain sufficient analytical power. Whilst 
additional cores are collected at each plot for the purposes of ar-
chiving dried and frozen soil material in the UKCEH soil bank, 
those cores are protected for future use by the wider scientific 
community. The number of additional cores taken for archiving 
has varied over monitoring cycles (up to 4 in CS2020) and these 
are taken an additional 15 cm away from the corner of the 2 × 2 
quadrat. All soil cores were collected between the months of 
April and September in each year, with the timing of each sam-
ple‘s collection designed to coincide with the collection of that 
same sample in the previous monitoring cycle where possible.

2.1.2   |   Habitat Allocation

In addition to the soil sampling and vegetation monitoring, hab-
itats are also assigned by surveyors in the field following the 
Joint Nature Conservation Committee UK BAP Broad Habitat 
classification (Jackson 2000). Habitats were last mapped across 
each 1 km square in CS2007 where surveyors assigned habitats 
at a minimum spatial resolution of 400 m2 (Wood et al. 2018). In 
CS2020, surveyors updated the habitat assignment of plots using 
the same method, without mapping the entire 1 km square. Prior 
to CS2007, habitats were mapped following a pre- existing clas-
sification which was subsequently mapped to the broad habitat 
classification as described in Wood et al. (2012).

To understand the potential impact of fine scale spatial variation 
in land management on data in subsequent analyses, in CS2020 
surveyors also assigned a broad habitat based on the immediate 
sample sites, corresponding to the area inside the paired veg-
etation plots. A comparison of these two classification scales 
demonstrated a low impact of spatial heterogeneity on the attri-
butions of broad habitat in the data, with 98% of arable and hor-
ticultural plots assigned to the same habitat at a smaller spatial 
resolution. Plots in an arable and horticultural broad habitat are 
hereafter referred to as cropland plots and soils.

2.2   |   Soil Processing

2.2.1   |   Loss on Ignition

For each soil core, loss on ignition (LOI) was measured to 
quantify soil organic matter content among other measure-
ments which can be found with the data submission on the 
Environmental Information Data Centre (see below). A de-
tailed explanation of laboratory methods used, and subsequent 
calculation of soil organic carbon concentration and stock are 
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provided in Emmett et  al.  (2008). All methods were identical 
to those described in Emmett et al.  (2008), with the exception 
that a Thermogravimetric Analyser (LECO TGA701, henceforth 
TGA) was used in CS2020, in place of the muffler furnace used 
in CS2007, to measure LOI via the procedure described below 
following in- depth comparison work.

To measure LOI, samples were loaded into a TGA and heated 
from 25°C to 1000°C in four steps (Lebron et al. 2024). In the 
first step the furnace reaches 105°C and temperature is then kept 
constant for 3 h. In the second step, samples are heated to 375°C 
and sustained at a constant temperature for a total of 15.45 h 
(Ball 1964). This procedure was used for almost 50 years in the 
CS to maintain methodological continuity and comparability in 
long- term results. The mass lost between 105°C and 375°C gives 
the soil organic matter content as LOI:

where TGA_105 is the mass of dried soil after heating to 105°C 
for 3 h and TGA_375 is the mass of soil after organic carbon ig-
nition and being kept at 375°C for 15.45 h.

2.2.2   |   Comparing TGA and Muffler Furnace 
Measurements of LOI

To determine whether this change in instrument had a signifi-
cant impact on the values of LOI, and thus SOC, we compared 
measurements of LOI using both methods for 500 samples col-
lected in 2019, 103 of which were cropland soils. The error be-
tween the two datasets was non- normal (Shapiro–Wilk W = 0.96, 
p < 0.01), a disagreement between the two datasets was assessed 
using a paired Wilcoxon signed rank test.

We found no significant difference in the measurements of 
LOI for the cropland samples (p = 0.55) but acknowledge that 
the lack of a detected significant difference does not imply no 
difference. The mean difference was less than 0.004 g per 100 g 
of soil, compared to a mean LOI (TGA) for arable of 5.2 g per 
100 g soil. However, there was a significant difference across 
all habitats (p = 0.02), where the muffler furnace reported on 
average larger values than the TGA and the mean difference 
was 0.114 g per 100 g soil. This could be explained by greater 
rates of water resorption by oven- dried organic matter during 
weighing when using a muffler furnace, erroneously increas-
ing the subsequent measurement of organic matter loss. When 
using a thermo- balance TGA, the samples are not removed 
from the furnace for weighing, whereas this is required when 
using a muffler furnace, although sample mass was measured 
in a desiccator to reduce this effect in both previous CS cycles 
and this analysis.

In support of this, visual inspection of the data suggested that 
the error was driven by samples with high absolute LOI (above 
75% OM). We found no significant bias in samples where LOI 
(muffler furnace) was less than 75 g per 100 g (n = 397, p = 0.21), 
whereas there was a significant difference when LOI was greater 
than 75 g per 100 g (n = 78, p < 0.0001). Where LOI was > 75 g per 
100 g, LOI from the muffler furnace was, on average, 0.61 g per 
100 g greater than that measured by the TGA, representing an 

average percentage bias of 0.66%, relative to the muffler furnace 
measurement. The habitats represented in this subset were pri-
marily bog, coniferous woodland, and dwarf shrub heath. This 
suggests that in future analyses with the CS, a correction may 
be needed to facilitate comparisons over time for habitats where 
mean LOI is high, although this will only impact the detection 
of very small trends and has no impact on the present analysis 
of cropland soils.

2.2.3   |   Bulk Density

Prior to 2007 (CS1978 and CS1998) bulk density of the fine earth 
fraction was not measured from cores but was instead predicted 
from LOI (Emmett et al. 2010). From 2007 onwards, the decision 
was taken to improve the reliability of SOC stock estimates by 
measuring bulk density independently of LOI.

For soil samples collected in CS2007 and CS2020, bulk density 
was measured from the same soil cores that are subsequently 
used for LOI measurements. Prior to the introduction of this 
change in methodology, a variety of core designs and sampling 
methods were tested with replication across 5 different soil 
types (clayey soil, sandy soil, peaty soil, stony soil and a wood-
land loam) to identify a reliable and practically feasible method 
of sampling bulk density in a consistent manner at the scale re-
quired by the survey described in Emmett et al.  (2008). From 
this work, it was concluded that using a single 15 cm long and 
5 cm diameter core per plot provided a feasible and sufficiently 
representative sample of bulk density with suitable surveyor 
training. Bulk density of the fine earth was then calculated as 
the mass of oven dry soil per unit volume, corrected for stone 
mass greater than 2 mm, extracted through sieving:

where dry mass of soil is the oven- dry mass (g) of soil after air 
drying in the laboratory to constant mass, then drying at 105°C 
for 3 h, and fresh soil core volume (cm3) is the soil core volume 
prior to drying. Core volume is calculated using the formula for 
the volume of a cylinder with a diameter of 5 cm and a length of 
the sampled core. The volume of stones is calculated from their 
mass and an assumed density of 2.65 g cm−3.

2.2.4   |   Calculating SOC From LOI

A conversion factor of 0.55 was used to convert LOI (g per 100 g) 
to carbon concentration (g per 100 g), as described in (Emmett 
et al. 2008). This conversion was derived using the relationship 
between total carbon (g per 100 g) and LOI (g per 100 g) observed 
in CS 1998 and CS 2007, as described in Emmett et al.  (2010). 
We have confirmed that the same relationship holds for CS2020, 
using a linear model with a zero intercept (r2 = 0.99), where:

Carbon stock (t ha−1) of the fine earth fraction is subsequently 
calculated from carbon concentration (g kg−1) and bulk density 
(g cm−3) of the fine earth fraction via the following equations:

LOI (g per 100 g) = 100 × (TGA_105 − TGA_375)∕(TGA_105)

Bulk density
(

g cm−3
)

=
Dry soil mass − stone mass

fresh soil core volume − stone volume

Carbon Concentration = 0 + 0.55 LOI
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2.3   |   Data Used in This Analysis

The CS2020 monitoring cycle spans from 2019 to 2023; however, 
at the time of writing, only data from 2019 to 2022 (382 1 km 
squares, > 1600 soil samples) is available for analysis, along with 
the corresponding data from previous monitoring cycles. The 
squares for each annual survey are selected to be a representative 
subset with some constraints (e.g., pairing two otherwise remote 
and isolated sites together within a single monitoring year) due to 
the practical limitations of the field survey campaign. However, 
the schedule for CS2020 was adapted in the face of the COVID- 19 
pandemic to include a reduced population in 2020 (in addition 
to the introduction of additional safeguards in line with govern-
ment guidance at the time). As a result, more than 100 squares 
were surveyed in some subsequent year of the monitoring cycle. 
Because of the statistical approach taken to selecting each an-
nual population, we do not anticipate the omission of data from 
2023 will have biased the trends detected below. Data on the dif-
ferences between the resurveyed populations and the sites yet to 
be resurveyed is provided in the Supporting Information.

Of the 1600 soil sample plots across 382 squares visited from 
2019 to 2022, 316 (19.1%) were on cropland and 226 (13.7%) were 
on cropland in all visits made to that site (i.e., there has been no 
record of land use change within CS), and these latter plots are 
henceforth referred to as stable cropland soils. We also restricted 
the available data to squares that had been revisited within 
2019–2022 (Table S2). This means that reported mean estimates 
for CS1978–CS2007 may differ from previous reports but will re-
flect the population surveyed in 2019–2022 and thus be directly 
comparable. In this analysis, we are making the assumption 
that the cropland sites within this nationally representative data 
set are also representative of cropland in GB, with the potential 
implications of this assumption discussed further. Sample sizes 
for cropland soils and squares in each monitoring cycle used in 
the analysis are provided in Table 1, with additional informa-
tion on sample numbers from the CS more generally provided in 
Tables S1 and S2.

2.4   |   National Change in SOC

Change in SOC concentration and stock were modelled as a 
function of monitoring cycle (CS1978, CS1998, CS2007 and 
CS2020) for (1) all cropland plots and (2) stable cropland plots (as 
previously defined). To estimate magnitudes of change in SOC 
concentration and stock, respectively, we used linear mixed ef-
fects models with monitoring cycle (CS1978, CS1998, CS2007, 
CS2020) as a fixed effect factor. Random intercepts were nor-
mally distributed, including an adjustment for square and plot, 
using the R package nlme (Pinheiro et al. 2023). This approach 
is robust to an incomplete resurvey of all plots in all years, due to 
variable landowner permissions or habitat change (Scott 2008). 
An AR1 correlation structure was used to correct for temporal 
autocorrelation at the site level, thus assuming that the cova-
riance between repeat measures across successive monitoring 
cycles is constant. This approach assumes squares to be inde-
pendent of one another as the random effects are included as un-
structured, independent and identically distributed (i.i.d) draws 
rather than as structured effects. The same modelling approach 
was used to estimate the change in measured bulk density from 
CS2007 to CS2020. With the inclusion of square level i.i.d ran-
dom effects, it is unlikely that there would be any remaining 
spatial structure present in the data. However, to check this and 
hence determine whether spatial autocorrelation was present in 
the residuals of each model, we used Moran‘s I test for spatial 
autocorrelation for 20 evenly spaced distance lags between 10 
and 100 km using R packages spdep (Bivand and Wong 2018). 
The incorporation of the square level random effects structure 
and a temporal auto- correlation element also enables the models 
to effectively correct for the “missing squares” in the 1978 and 
1998 sample (as described above) and for the impact of any plots 
missing in a given monitoring cycle, using the structure of the 
data in other survey years to provide consistent and compara-
ble estimates over the multiple surveys. This approach has been 
adopted since 2007 to maximise the use of all available data in 
producing estimates of status and change in different metrics, 
following a period of extensive testing and comparison with 
previous design- based estimates (Scott 2008; Black et al. 2008). 
All analysis was conducted using R version 4.4.0 (R Core 
Team 2023). The generic model structure used is provided in the 

Carbon Stock = 1.5 × Bulk Density × Carbon Concentration

TABLE 1    |    Numbers of 1 km squares and plots in each monitoring cycle that contained soil sampling plots on cropland soil, subsequently used in 
the analysis for cropland soil organic carbon stends in Great Britain from CS1978–CS2020.

Monitoring cycle Sampling year

Number of cropland soils Number of stable cropland soils

1 km squares Samples 1 km squares Samples

CS1978 1978 48 89 29 49

CS1998 1998 52 141 42 101

CS2007 2007 114 308 90 245

CS2020 2019–2022 118 316 86 226

CS2020 2019 38 103 29 76

2020 17 38 12 24

2021 30 79 22 60

2022 33 96 22 66

Note: For additional information on full sample sizes for CS monitoring cycles see Table S1.
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following equation, where yijk is the response variable for square 
i, plot j and monitoring cycle k, Cyclek is the effect of monitoring 
cycle k, α is the random intercept error structure which varies 
by square i and plot j, β is the AR1 temporal autocorrelations 
structure, which varies with square i, plot j and cycle k, and ε is 
the residual error:

Both SOC concentration and stock were analysed follow-
ing  a  logarithmic transformation to satisfy the assump-
tions of normality within the models, following an initial 
inspection  of  the model residuals and random effect distri-
butions  using the qqnorm function (Pinheiro et  al.  2023). 
When using a log transformation, the reverse transformation 
to the original scale is known to introduce sub- estimation 
(Baskerville  1972), thus we use a correction term for linear 
mixed effect models when reporting on the original scale 
(Ramírez- Aldana and Naranjo 2021) (Equation S1). The cor-
rection reduced the root mean squared error (rmse) between 
model predicted and observed values from 189.5 to 11.99 g kg−1 
and the mean bias from −132.7% to 33.3% for SOC concentra-
tion and from 6.32 to 6.16 t ha−1 (rmse) and −82.3% to 11.1% 
(bias) for SOC stock. The correction had no impact on the sig-
nificance of any change detected between monitoring cycles. 
The correction factor for the fixed effects was 1.04 for SOC 
concentration and 1.01 for SOC stock (Ramírez- Aldana and 
Naranjo 2021).

We first tested the null hypothesis that mean response values were 
equal across all monitoring cycles using ANOVA and, having re-
futed the null hypothesis, subsequently used the Tukey Post Hoc 
test via the R package multcomp to determine whether there was 
a significant difference between each successive monitoring cycle 
and over the entire monitoring period (CS1978–CS2020) (Hothorn 
et al. 2008). Use of the Tukey Post Hoc test accounts for the implicit 
multiple comparisons, hence multiple statistical tests, conducted 
when looking at the difference in means across the monitoring cy-
cles. In addition to this, the differences between monitoring cycles 
were then verified using non- parametric bootstrap resampling over 
1000 iterations to generate 95% confidence intervals for the change 
between monitoring cycles using the R package boot (Canty and 
Ripley 2022). The addition of the bootstrap approach, free from the 
distributional assumptions made in the post hoc tests, provided ro-
bustness and a conclusive assessment of the hypotheses of interest. 
In all cases, bootstrap resampling and post hoc testing reported the 
same significant changes between monitoring cycles, as reported 
in Table 2. Confidence intervals reported in Table 2, Figures 2 and 
3 were produced via bootstrap resampling, with the p values de-
rived from the Tukey multiple comparison tests. Subsequent re-
sults are, in part, informed by assumptions made in the modelling 
approach taken, including that there is no spatial- autocorrelation 
at scales larger than our 1 km squares, which is supported through 
the previous use of the Moran‘s I statistic. A full discussion of the 
development of this approach to modelling Countryside Survey 
data for national condition and change and assumptions therein is 
provided in Scott (2008).

yijk = Cyclek + �ij + � ijk + �

TABLE 2    |    Mean estimates, 95% confidence intervals (bootstrapped) and Tukey post hoc test p values for change in topsoil (0–15 cm) organic 
carbon concentration (g kg−1), organic carbon stock (t ha−1) and bulk density (g cm−3) between repeat visits of the Countryside Survey for all cropland 
soils and stable cropland soils without any reported change in broad habitat.

Change in organic carbon concentration (g kg−1)

Change

All cropland Stable cropland

Mean 95% CI p Mean 95% CI p

1978 to 1998 −1.04 −2.77 to 0.75 0.417 −1.16 −2.76 to 0.37 0.244

1998 to 2007 −3.18 −4.20 to −2.16 < 0.001 −3.00 −4.04 to −1.90 < 0.001

2007 to 2020 +2.10 1.24 to 2.90 < 0.001 +1.86 1.19 to 2.56 < 0.001

1978 to 2020 −2.12 −4.09 to 0.15 0.035 −2.30 −4.03 to −0.55 0.008

Change in organic carbon stock (t ha−1)

Change

All cropland Stable cropland

Mean 95% CI p Mean 95% CI p

1978 to 1998 −1.22 −3.06 to 0.72 0.667 −1.05 −2.91 to 0.83 0.801

1998 to 2007 −3.47 −5.67 to −1.26 0.001 −3.32 −5.83 to −0.90 0.004

2007 to 2020 +2.40 0.56 to 4.24 0.002 +2.40 0.74 to 4.20 0.003

1978 to 2020 −2.29 −4.93 to 0.45 0.107 −1.96 −4.52 to 0.65 0.239

Changes in bulk density (g cm−3)

Change

All cropland Stable cropland

Mean 95% CI p Mean 95% CI p

2007 to 2020 −0.06 −0.09 to −0.03 < 0.001 −0.04 −0.07 to −0.01 0.025
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2.5   |   Estimating National SOC Change

Estimates of the impact of the observed topsoil SOC stock 
change (t ha−1) were scaled to the area of all national cropland in 
GB using the area of cropland in the UKCEH Land Cover Map 
2020 (Morton et al. 2021).

3   |   Results

Significant changes over time have occurred in cropland SOC 
concentration, SOC stock, and bulk density in GB, with the 
monitoring cycle found to have a significant effect on all re-
sponse variables considered, both for all cropland sites and 
stable cropland sites (all p values < 0.001, Table S4). No spatial 
autocorrelation was detected in any model for any response 
variable considered (all p values > 0.05, Table S5). In agreement 

with previous reporting on cropland topsoil SOC trends from the 
Countryside Survey in Emmett et  al.  (2010), a non- significant 
decrease in SOC is observed from CS1978 to CS1998, followed 
by a significant decline from CS1998 to CS2007 for both carbon 
concentration (g kg−1) and carbon stock (t ha−1) in both cropland 
and stable cropland (Table 2, Figure 2). The change in carbon 
stock from CS1978 to CS2007 is −4.69 t ha−1 for cropland and 
−4.37 t ha−1 for stable cropland.

SOC concentration (g kg−1) and stock (t ha−1) were found to have 
significantly increased in British cropland topsoils (0–15 cm) 
from 2007 to present (Table 2, Figure 2). The increase is signif-
icant when considering both all cropland soils and stable crop-
land (Table 2, Tables S6 and S7). Mean SOC concentrations and 
stocks are consistently lower for stable cropland than for the 
full cropland dataset, for each monitoring cycle, by an average 
of 3.2 g kg−1 and 2.4 t ha−1, respectively. For example, mean SOC 

FIGURE 2    |    Trends in mean topsoil organic carbon (SOC) concentration (g kg−1) and stock (t ha−1) with bootstrapped 95% confidence intervals 
for the mean in each monitoring cycle for all cropland sites (left) and mean change in topsoil SOC concentration (g kg−1) and stock (t ha−1) between 
monitoring cycles with bootstrapped 95% confidence intervals for all cropland sites (right).

FIGURE 3    |    Trends in mean topsoil bulk density (g cm−3) with bootstrapped 95% confidence intervals for the mean in each monitoring cycle for 
all cropland sites (left) and mean change in topsoil bulk density (g cm−3) between monitoring cycles with bootstrapped 95% confidence intervals for 
all cropland sites (right).
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in CS2020 was estimated as 50.9 t ha−1 across all cropland sites, 
but 48.6 t ha−1 across stable cropland sites. This is likely due 
to the exclusion of sites converted from other land uses with 
higher baseline SOC (Emmett et al. 2010). At the same time as 
SOC concentration and stock have increased, bulk density was 
observed to significantly decrease from CS2007 to CS2020 by 
0.06 g cm−3 across all cropland sites, and by 0.04 g cm−3 for sta-
ble cropland sites. Mean estimates of SOC concentration, SOC 
stock, and bulk density for each time period are provided in the 
supplement (Table S8).

Estimated rates of change in SOC concentration and stock 
from CS2007 to CS2020 (Table  2) correspond to accrual rates 
of +0.15 g kg−1 year−1 and + 0.17 t ha−1 year−1, respectively. At a 
national scale, using the area of cropland in Britain as estimated 
by the UKCEH LCM 2020 (Morton et al. 2021), these findings 
indicate a potential increase in cropland topsoil SOC stocks of 
approximately 0.74 Mt year−1.

4   |   Discussion

The observed increase in SOC is a positive sign for the func-
tionality of British cropland soils and marks a stark departure 
from the significant losses reported in the previous three de-
cades, as identified by multiple national assessments (Bellamy 
et al. 2005; Emmett et al. 2010). To our knowledge, this is the 
first evidence that the loss of cropland SOC can be reversed at a 
nationally significant scale. However, caution should be taken 
in the interpretation of these results and their implications for 
cropland in GB, considering the context of the sampling design 
(e.g., for topsoil only and representing a national average). The 
annual rate of SOC stock increase we observed from CS2007 to 
CS2020 was approximately 0.34%, and thus approaches the 0.4% 
increase per year advocated for by the “4 per 1000” initiative (Lal 
et al. 2018; Smith 2004), despite being a small change relative to 
the overall topsoil SOC stock in cropland. The observed increase 
in SOC contrasts with data for cropland SOC for Europe + UK 
from the LUCAS database, which reported an EU wide decline 
in cropland SOC of −0.04 gC kg−1year−1 from 2009 to 2018 with 
high rates of SOC loss estimated for Southeast England using 
an EU + UK wide spatial modelling approach, informed by land 
use, clay content and climate (De Rosa et  al.  2023). This dis-
agreement between our results is likely due to the greater sam-
pling density for GB in CS, whereas the UK is a comparatively 
small component of the LUCAS monitoring. Additionally, the 
model used by De Rosa et al. (2023) does not capture the impact 
of management on SOC trends within a land use, which will 
vary substantially across the EU and UK. Although Bellamy 
et  al.  (2005) previously reported a small significant decline in 
English and Welsh cropland SOC concentration per year using 
data collected through the National Soil Inventory, they also 
report a significant increase in mean carbon concentration for 
soils with < 30 g kg−1, although the distribution of these soils by 
habitat was not described.

Based on the available evidence of changing cropland manage-
ment practices, we consider that there is a strong possibility that 
SLM uptake is the driver of topsoil SOC recovery. National es-
timates for the uptake of these practices are difficult to obtain, 
but evidence suggests that over 40% of UK farmers now practice 

some form of reduced tillage, up from 25% in the 1980s (Alskaf 
et al. 2020), and data from Eurostat (2020) show a shorter- term 
reduction in conventional tillage in place of conservation and 
no- till practices from 2010 to 2016. Straw removal on wheat 
and barley also peaked (as a % of straw removed) in the early 
1990s, increasing rapidly from the 1980s and slowly declining 
thereafter, broadly the inverse of rates of reported SOC loss for 
the same period (DEFRA 2020). The retention of straw in field 
will have also increased nationally as a result of the UK shift-
ing from a barley to wheat dominated system over this period 
(DEFRA 2022), with wheat crops consistently associated with 
greater rates of straw retention (DEFRA 2020). The sown area 
of Britain receiving manure is unlikely to be a driver of SOC 
recovery since this has undergone a small decrease since 2007 
(DEFRA  2020). Some additional, well- supported methods for 
increasing cropland soil carbon content include the use of tem-
porary grassland and switching to the production of perennial 
crops (Bentley, Feeney, Matthews, Evans, et al. 2023); however, 
changes to the frequency of temporary grassland cover for the 
study period are as yet unknown (although going forwards esti-
mates could be derived from remote sensing, Upcott et al. 2023), 
and the total area of perennial crops in the UK remains low 
(DEFRA 2022). As we define stable cropland using habitat type 
during surveyor visits, it is likely some of these sites have in-
cluded leys as part of their rotational management, and a change 
in the frequency or duration of leys could be contributing to the 
reported change in SOC since 2007.

Globally, the maximum technical potential for SLM practices 
to sequester carbon in cropland has been suggested to range 
from 0.1 to 1 t ha−1 year−1 (Lal et  al.  2018), whilst estimates 
for European cropland include 0.69 t ha−1 year−1 for cereal 
straw inclusion, 0.38 t ha−1 year−1 for animal manure applica-
tion, and 0.38 t ha−1 year−1 for zero tillage, but emphasise that 
biologically and practically achievable rates may be substan-
tially lower (Freibauer et  al.  2004; Smith  2004). In the UK, 
Powlson et al. (2012) found a change from conventional to re-
duced tillage increased carbon storage by 0.31 t ha−1 year−1 for 
0–30 cm. Reduced tillage has been associated with increases 
in bulk density (Soane et  al.  2012), which we do not observe 
(Figure 3), but can also result in reduced bulk density and re-
duced compaction risk long- term (Bentley, Feeney, Matthews, 
Evans, et al. 2023; Blanco- Canqui and Ruis 2018; Newell Price 
et al. 2023). Increased topsoil carbon is likely to result in lower 
bulk density, in the absence of a change in compaction, given 
the close relationship between the two variables (Robinson 
et al. 2022). Land use is well established as the primary driver 
of variation in topsoil SOC within the UK and the driver of 
historic topsoil SOC loss (Emmett et al. 2010), and whilst rela-
tionships between climate and SOC are well known (Thomas 
et al. 2020) we know of no step- change in climatic conditions 
to explain the observed reversal in cropland SOC. The poten-
tial for other drivers to be interacting with climate change war-
rants further exploration.

The observed increase in topsoil SOC is expected to improve top-
soil health and functionality as one of the most widely used indi-
cators of soil health (Kopittke et al. 2022). However, in the context 
of Net Zero, it is of great importance whether this additional top-
soil carbon is additional carbon fixed from the atmosphere, or 
whether it reflects geographic or vertical carbon redistribution 
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(Baveye et al. 2023; Moinet et al. 2023). Carbon concentration is 
variable with soil depth and observed trends for increased carbon 
concentration may not hold when considering the full soil profile. 
In particular, increased uptake of reduced till practices could be 
driving a greater stratification of the soil profile and enhancement 
of topsoil SOC, as typical rotational tillage depth exceeds the sam-
pling depth in this study (20 vs. 15 cm). The limitations of fixed 
depth sampling for estimation of SOC stocks have been widely 
discussed, with a risk of compaction elevating measured carbon 
stocks despite stable carbon concentration (Lee et al. 2009; Wendt 
and Hauser 2013). However, we see a significant increase in both 
SOC concentrations and stocks from CS2007 to CS2020 and ev-
idence of reduced compaction during the study period, indicat-
ing the change in SOC stocks may have been underestimated for 
equivalent soil mass. Furthermore, there is evidence for agricul-
tural soils that changes from 0 to 15 cm are indicative of changes 
to depth and are where the majority of change in SOC stocks 
occur (Fornara et al. 2016; Guo and Gifford 2002). We know of 
no source of bias between monitoring cycles that could give rise 
to the observed SOC increase from CS2007 to CS2020. One of the 
limitations of this work is the lack of corresponding information 
on changes in management and the sometimes decade long in-
tervals between monitoring cycles, making the identification of 
drivers challenging. The results are also subject to uncertainties 
integral to a long- term national monitoring approach which has 
many logistical and practical challenges that must be met, as de-
scribed in the supplement. Going forward, we hope the 5- year roll-
ing monitoring cycle and synthesis with additional data streams 
(e.g., remote sensing) will address some of these knowledge gaps, 
with the next CS monitoring cycle planned from 2024 to 2028. 
Increasing the number of 1 km squares sampled and sampling 
depth could also provide additional insights into the reported 
trends. Ultimately, whilst the observed increase in SOC remains 
a positive sign for cropland soil health restoration, we emphasise 
that caution is needed in interpreting topsoil SOC trends with re-
gards to Net Zero.

5   |   Conclusion

The observed increase in cropland topsoil SOC demonstrates the 
potential for SOC recovery in cropland soils and the potential for 
recovery in degraded soils more generally at scale. Recovery is 
not seen at all sites however, and there are locations where SOC 
has continued to decrease. Understanding this variation will 
help reveal “what works where” for sustainable cropland soil 
management in a UK context and more broadly for temperate 
systems. National changes to tillage practices and straw removal 
are identified as recent management shifts with the potential 
to drive this trend, however substantial evidence gaps remain 
around other additions to cropland and changes to rotational 
management. This finding offers a new perspective on the po-
tential for SOC recovery in cropland soils and provides the first 
hope that SLM could be effective at restoring, to some extent, 
cropland SOC stocks at national scale.

Author Contributions

L.B., D.A.R., S.M.S. and B.A.E. led the work and L.B., D.A.R., P.A.H., 
S.M.S. and B.A.E. designed the study. L.B. performed the data analysis. 

Field team management and data collection coordinated by A.G. and 
B.W. Laboratory analysis was performed by I.L., M.B. and P.K. Data 
curation was performed by L.B., S.R., B.J.C. and C.W. L.B., A.T., S.R., 
P.A.H. and D.A.R. wrote the manuscript.

Conflicts of Interest

The authors declare no conflicts of interest.

Data Availability Statement

All data analysed in this publication is available via the EIDC and can 
be accessed at the following links. Soil used in this study has been ar-
chived at the UKCEH Soil Bank. (Bunce et al. 2016; Black et al. 2016; 
Emmett et  al.  2016; Bentley, Reinsch, Alison, Andrews, et  al.  2023; 
Bentley, Reinsch, Alison, Brentegani, et  al.  2023; Bentley, Reinsch, 
Brentegani, Chetiu, et al. 2023; Reinsch et al. 2023).

References

Alskaf, K., D. L. Sparkes, S. J. Mooney, S. Sjögersten, and P. Wilson. 2020. 
“The Uptake of Different Tillage Practices in England.” Soil Use  and 
Management 36, no. 1: 27–44. https:// doi. org/ 10. 1111/ sum. 12542 .

Ball, D. F. 1964. “Loss- On- Ignition as an Estimate of Organic Matter 
and Organic Carbon in Non- Calcareous Soils.” Journal of Soil Science 
15: 84–92. https:// doi. org/ 10. 1111/j. 1365-  2389. 1964. tb002 47. x.

Barr, C. J., and C. M. Wood. 2011. “The Sampling Strategy for 
Countryside Survey (up to 2007). Revised and Updated From: ‘The 
Sampling Strategy for Countryside Survey’, C.J. Barr, September 1998. 
DETR Contract No. CR0212. NERC/Centre for Ecology & Hydrology, 
22pp. (CEH Project Number: C03259).”

Baskerville, G. L. 1972. “Use of Logarithmic Regression in the Estimation 
of Plant Biomass.” Canadian Journal of Forest Research 2: 49–53.

Baveye, P. C., J. Berthelin, D. Tessier, and G. Lemaire. 2023. “Storage 
of Soil Carbon Is Not Sequestration: Straightforward Graphical 
Visualization of Their Basic Differences.” European Journal of Soil 
Science 74, no. 3: e13380. https:// doi. org/ 10. 1111/ ejss. 13380 .

Bellamy, P. H., P. J. Loveland, R. I. Bradley, R. M. Lark, and G. J. D. Kirk. 
2005. “Carbon Losses From All Soils Across England and Wales 1978–
2003.” Nature 437, no. 7056: 245–248. https:// doi. org/ 10. 1038/ natur e04038.

Bentley, L., C. Feeney, R. Matthews, et  al. 2023. “Qualitative Impact 
Assessment of Land Management Interventions on Ecosystem 
Services (“QEIA”). Report- 3 Theme- 6: Carbon Sequestration. (Defra 
ECM_62324/UKCEH 08044).”

Bentley, L., S. Reinsch, J. Alison, et al. 2023. Topsoil Physico- Chemical 
Properties From the UKCEH Countryside Survey, Great Britain, 2018–
2019. NERC EDS Environmental Information Data Centre. https:// doi. 
org/ 10. 5285/ 82132 5f3-  b353-  4a51-  8db2-  6b220 0d82aca.

Bentley, L., S. Reinsch, J. Alison, et al. 2023. Topsoil Physico- Chemical 
Properties From the UKCEH Countryside Survey, Great Britain, 2020, v2. 
NERC EDS Environmental Information Data Centre. https:// doi. org/ 
10. 5285/ 6a338 2cc-  f5f4-  4d68-  9517-  c62fa dd8af4f.

Bentley, L., S. Reinsch, M. Brentegani, et  al. 2023. Topsoil Physico- 
Chemical Properties From the UKCEH Countryside Survey, Great 
Britain, 2021. NERC EDS Environmental Information Data Centre. 
https:// doi. org/ 10. 5285/ af6c4 679-  99aa-  4352-  9f63-  af3bd 7bc87a4.

Berthelin, J., M. Laba, G. Lemaire, et al. 2022. “Soil Carbon Sequestration 
for Climate Change Mitigation: Mineralization Kinetics of Organic 
Inputs as an Overlooked Limitation.” European Journal of Soil Science 
73, no. 1: 1–9. https:// doi. org/ 10. 1111/ ejss. 13221 .

Bivand, R., and D. Wong. 2018. “Comparing Implementations of Global 
and Local Indicators of Spatial Association.” Test 27, no. 3: 716–748. 
https:// doi. org/ 10. 1007/ s1174 9-  018-  0599-  x.

 13652389, 2025, 3, D
ow

nloaded from
 https://bsssjournals.onlinelibrary.w

iley.com
/doi/10.1111/ejss.70131 by U

K
 C

entre For E
cology &

 H
ydrology, W

iley O
nline L

ibrary on [19/06/2025]. See the T
erm

s and C
onditions (https://onlinelibrary.w

iley.com
/term

s-and-conditions) on W
iley O

nline L
ibrary for rules of use; O

A
 articles are governed by the applicable C

reative C
om

m
ons L

icense

https://doi.org/10.1111/sum.12542
https://doi.org/10.1111/j.1365-2389.1964.tb00247.x
https://doi.org/10.1111/ejss.13380
https://doi.org/10.1038/nature04038
https://doi.org/10.5285/821325f3-b353-4a51-8db2-6b2200d82aca
https://doi.org/10.5285/821325f3-b353-4a51-8db2-6b2200d82aca
https://doi.org/10.5285/6a3382cc-f5f4-4d68-9517-c62fadd8af4f
https://doi.org/10.5285/6a3382cc-f5f4-4d68-9517-c62fadd8af4f
https://doi.org/10.5285/af6c4679-99aa-4352-9f63-af3bd7bc87a4
https://doi.org/10.1111/ejss.13221
https://doi.org/10.1007/s11749-018-0599-x


11 of 12

Black, H., P. Bellamy, R. Creamer, et al. 2008. Design and Operation of a UK 
Soil Monitoring Network, 208. Environment Agency (CEH Project Number: 
C03357, Science report SC060073, Product Code: SCHO0908BOMX-E-P).

Black, H. I. J., J. S. Chaplow, G. Ainsworth, et  al. 2016. Soil Physico- 
Chemical Properties 1998 [Countryside Survey]. NERC Environmental 
Information Data Centre. https:// doi. org/ 10. 5285/ 9d1ea da2-  3f8b-  4a7b-  
a9b0-  a7a04 d05ff72.

Blanco- Canqui, H., and S. J. Ruis. 2018. “No- Tillage and Soil Physical 
Environment.” Geoderma 326: 164–200. https:// doi. org/ 10. 1016/j. geode 
rma. 2018. 03. 011.

Blanco- Canqui, H., C. A. Shapiro, C. S. Wortmann, et  al. 2013. “Soil 
Organic Carbon: The Value to Soil Properties.” Journal of Soil and 
Water Conservation 68, no. 5: 129A–134A. https:// doi. org/ 10. 2489/ jswc. 
68.5. 129A.

Bunce, R. G. H., C. J. Barr, R. T. Clarke, D. C. Howard, and A. M. J. 
Lane. 1990. ITE Land Classification of Great Britain 1990. NERC 
Environmental Information Data Centre. (Dataset). https:// doi. org/ 10. 
5285/ ab320 e08-  faf5-  48e1-  9ec9-  77a21 3d2907f.

Bunce, R. G. H., C. J. Barr, R. T. Clarke, D. C. Howard, and A. M. J. Lane. 
1996. “Land Classification for Strategic Ecological Survey.” Journal of 
Environmental Management 47: 37–60.

Bunce, R. G. H., C. J. Barr, R. T. Clarke, D. C. Howard, and W. A. 
Scott. 2007. “ITE Land Classification of Great Britain 2007.” NERC 
Environmental Information Data Centre 10. https:// doi. org/ 10. 5285/ 
5f060 5e4-  aa2a-  48ab-  b47c-  bf551 0823e8f.

Bunce, R. G. H., M. Hornung, A. Hatton, P. A. Stevens, R. Cummins, 
and D. French. 2016. Soil Physico- Chemical Properties 1978 [Countryside 
Survey]. NERC Environmental Information Data Centre. https:// doi. 
org/ 10. 5285/ 85c71 959-  0f7c-  4f04-  b3a7-  15267 3107a85.

Canty, A., and B. Ripley. 2022. “Boot: Bootstrap R (S- Plus) Functions. R 
Package Version 1.3–28.1.”

Carey, P. D., S. Wallis, P. M. Chamberlain, et  al. 2008. Countryside 
Survey: UK Results From 2007, edited by P. D. Carey, S. Wallis, P. M. 
Chamberlain, et al., 105. NERC/Centre for Ecology & Hydrology (CEH 
Project Number: C03259).

Chaplot, V., and P. Smith. 2023. “Cover Crops Do Not Increase Soil 
Organic Carbon Stocks as Much as Has Been Claimed: What Is the Way 
Forward?” Global Change Biology 29: 6163–6169. https:// doi. org/ 10. 
1111/ gcb. 16917 .

De Rosa, D., C. Ballabio, E. Lugato, M. Fasiolo, A. Jones, and P. 
Panagos. 2023. “Soil Organic Carbon Stocks in European Croplands 
and Grasslands: How Much Have We Lost in the Past Decade?” Global 
Change Biology 30: e16992. https:// doi. org/ 10. 1111/ gcb. 16992 .

DEFRA. 2018. “A Green Future: Our 25 Year Plan to Improve the 
Environment.” https:// assets. publi shing. servi ce. gov. uk/ media/  5ab3a 
67840 f0b65 bb584 297e/ 25-  year-  envir onmen t-  plan. pdf.

DEFRA. 2020. “British Survey of Fertiliser Practice Dataset. Annual 
Statistics on Fertiliser Use in Great Britain. Updated 2020.”

DEFRA. 2022. “Structure of the Agricultural Industry in England 
and the UK at June. Detailed Annual Statistics on the Structure of the 
Agricultural Industry at 1 June in England and the UK. Updated on: 5 
July 2022.”

Emmett, B., Z. Frogbrook, P. Chamberlain, et  al. 2008. “Countryside 
Survey Technical Report No 03/07.”

Emmett, B. A., B. Reynolds, P. M. Chamberlain, et al. 2010. “Countryside 
Survey: Soils Report From 2007. Technical Report No. 9/07 NERC/
Centre for Ecology & Hydrology 192pp. (CEH Project Number: C03259).”

Emmett, B. A., B. Reynolds, P. M. Chamberlain, et al. 2016. Soil Physico- 
Chemical Properties 2007 [Countryside Survey]. NERC Environmental 
Information Data Centre. https:// doi. org/ 10. 5285/ 79669 141-  cde5-  49f0-  
b24d-  f3c6a 1a52db8.

Environment Agency. 2019. “The State of the Environment: Soil.”

Eurostat. 2020. “Eurostat, Agricultural Practices: Agri- Environmental 
Indicator—Tillage Practices. Data Sets.”

FAO, and ITPS. 2015. Status of the World's Soil Resources (SWSR)—
Main Report. Food and Agriculture Organization of the United Nations 
and Intergovernmental Technical Panel on Soils.

Fornara, D. A., E. Wasson, P. Christie, and C. J. Watson. 2016. “Long- Term 
Nutrient Fertilization and the Carbon Balance of Permanent Grassland: 
Any Evidence for Sustainable Intensification?” Biogeosciences 13: 4975–
4984. https:// doi. org/ 10. 5194/ bg-  13-  4975-  2016.

Freibauer, A., M. D. A. Rounsevell, P. Smith, and J. Verhagen, 2004. 
“Carbon Sequestration in the Agricultural Soils of Europe.” Geoderma 
122, no. 1: 1–23. https:// doi. org/ 10. 1016/j. geode rma. 2004. 01. 021.

Georgiou, K., R. B. Jackson, O. Vindušková, et al. 2022. “Global Stocks 
and Capacity of Mineral- Associated Soil Organic Carbon.” Nature 
Communications 13, no. 1: 1–12. https:// doi. org/ 10. 1038/ s4146 7-  022-  
31540 -  9.

Guo, L. B., and R. M. Gifford. 2002. “Soil Carbon Stocks and Land Use 
Change: A Meta Analysis.” Global Change Biology 8: 345–360. https:// 
doi. org/ 10. 1046/j. 1354-  1013. 2002. 00486. x.

Hothorn, T., F. Bretz, and P. Westfall. 2008. “Simultaneous Inference 
in General Parametric Models.” Biometrical Journal 50, no. 3: 346–363.

Jackson, D. 2000. “Guidance on the Interpretation of the Biodiversity 
Broad Habitat Classification (Terrestrial and Freshwater Types): 
Definitions and the Relationship With Other Habitat Classifications. 
JNCC Report, No 307.”

Janzen, H. H., K. J. van Groenigen, D. S. Powlson, T. Schwinghamer, 
and J. W. van Groenigen. 2022. “Photosynthetic Limits on Carbon 
Sequestration in Croplands.” Geoderma 416: 115810. https:// doi. org/ 10. 
1016/j. geode rma. 2022. 115810.

Jaworski, C. C., A. Krzywoszynska, J. R. Leake, and L. V. Dicks. 2023. 
“Sustainable Soil Management in the United Kingdom: A Survey of 
Current Practices and How They Relate to the Principles of Regenerative 
Agriculture.” Soil Use and Management 40: e12908. https:// doi. org/ 10. 
1111/ sum. 12908 .

Keith, A. M., R. I. Griffiths, P. A. Henrys, et al. 2015. “Monitoring Soil 
Natural Capital and Ecosystem Services by Using Large- Scale Survey 
Data.” In Soil Ecosystem Services, edited by M. Stromberger, D. Lindbo, 
and N. Comerford. SSSA.

Kopittke, P. M., A. A. Berhe, Y. Carrillo, et  al. 2022. “Ensuring 
Planetary Survival: The Centrality of Organic Carbon in Balancing 
the Multifunctional Nature of Soils.” Critical Reviews in Environmental 
Science and Technology 52, no. 23: 4308–4324. https:// doi. org/ 10. 1080/ 
10643 389. 2021. 2024484.

Lal, R. 2004. “Soil Carbon Sequestration Impacts on Global Climate 
Change and Food Security.” Science 304, no. 5677: 1623–1627. https:// 
doi. org/ 10. 1126/ scien ce. 1097396.

Lal, R., C. Monger, L. Nave, and P. Smith. 2021. “The Role of Soil in 
Regulation of Climate.” Philosophical Transactions of the Royal Society, 
B: Biological Sciences 376, no. 1834: 20210084. https:// doi. org/ 10. 1098/ 
rstb. 2021. 0084.

Lal, R., P. Smith, H. F. Jungkunst, et al. 2018. “The Carbon Sequestration 
Potential of Terrestrial Ecosystems.” Journal of Soil and Water 
Conservation 73, no. 6: 145–152. https:// doi. org/ 10. 2489/ jswc. 73.6. 145A.

Lark, R. M. 2012. “Some Considerations on Aggregate Sample Supports 
for Soil Inventory and Monitoring.” European Journal of Soil Science 63, 
no. 1: 86–95. https:// doi. org/ 10. 1111/j. 1365-  2389. 2011. 01415. x.

Lebron, I., D. M. Cooper, M. A. Brentegani, et al. 2024. “Soil Carbon 
Determination for Long- Term Monitoring Revisited Using Thermo- 
Gravimetric Analysis.” Vadose Zone Journal 23, no. 1: e20300. https:// 
doi. org/ 10. 1002/ vzj2. 20300 .

 13652389, 2025, 3, D
ow

nloaded from
 https://bsssjournals.onlinelibrary.w

iley.com
/doi/10.1111/ejss.70131 by U

K
 C

entre For E
cology &

 H
ydrology, W

iley O
nline L

ibrary on [19/06/2025]. See the T
erm

s and C
onditions (https://onlinelibrary.w

iley.com
/term

s-and-conditions) on W
iley O

nline L
ibrary for rules of use; O

A
 articles are governed by the applicable C

reative C
om

m
ons L

icense

https://doi.org/10.5285/9d1eada2-3f8b-4a7b-a9b0-a7a04d05ff72
https://doi.org/10.5285/9d1eada2-3f8b-4a7b-a9b0-a7a04d05ff72
https://doi.org/10.1016/j.geoderma.2018.03.011
https://doi.org/10.1016/j.geoderma.2018.03.011
https://doi.org/10.2489/jswc.68.5.129A
https://doi.org/10.2489/jswc.68.5.129A
https://doi.org/10.5285/ab320e08-faf5-48e1-9ec9-77a213d2907f
https://doi.org/10.5285/ab320e08-faf5-48e1-9ec9-77a213d2907f
https://doi.org/10.5285/5f0605e4-aa2a-48ab-b47c-bf5510823e8f
https://doi.org/10.5285/5f0605e4-aa2a-48ab-b47c-bf5510823e8f
https://doi.org/10.5285/85c71959-0f7c-4f04-b3a7-152673107a85
https://doi.org/10.5285/85c71959-0f7c-4f04-b3a7-152673107a85
https://doi.org/10.1111/gcb.16917
https://doi.org/10.1111/gcb.16917
https://doi.org/10.1111/gcb.16992
https://assets.publishing.service.gov.uk/media/5ab3a67840f0b65bb584297e/25-year-environment-plan.pdf
https://assets.publishing.service.gov.uk/media/5ab3a67840f0b65bb584297e/25-year-environment-plan.pdf
https://doi.org/10.5285/79669141-cde5-49f0-b24d-f3c6a1a52db8
https://doi.org/10.5285/79669141-cde5-49f0-b24d-f3c6a1a52db8
https://doi.org/10.5194/bg-13-4975-2016
https://doi.org/10.1016/j.geoderma.2004.01.021
https://doi.org/10.1038/s41467-022-31540-9
https://doi.org/10.1038/s41467-022-31540-9
https://doi.org/10.1046/j.1354-1013.2002.00486.x
https://doi.org/10.1046/j.1354-1013.2002.00486.x
https://doi.org/10.1016/j.geoderma.2022.115810
https://doi.org/10.1016/j.geoderma.2022.115810
https://doi.org/10.1111/sum.12908
https://doi.org/10.1111/sum.12908
https://doi.org/10.1080/10643389.2021.2024484
https://doi.org/10.1080/10643389.2021.2024484
https://doi.org/10.1126/science.1097396
https://doi.org/10.1126/science.1097396
https://doi.org/10.1098/rstb.2021.0084
https://doi.org/10.1098/rstb.2021.0084
https://doi.org/10.2489/jswc.73.6.145A
https://doi.org/10.1111/j.1365-2389.2011.01415.x
https://doi.org/10.1002/vzj2.20300
https://doi.org/10.1002/vzj2.20300


12 of 12 European Journal of Soil Science, 2025

Lee, J., J. W. Hopmans, D. E. Rolston, S. G. Baer, and J. Six. 2009. 
“Determining Soil Carbon Stock Changes: Simple Bulk Density 
Corrections Fail.” Agriculture, Ecosystems and Environment 134: 251–
256. https:// doi. org/ 10. 1016/j. agee. 2009. 07. 006.

Maskell, L. C., L. R. Norton, S. M. Smart, R. Scott, P. D. Carey, and 
J. Murphy. 2008. Vegetation Plots Handbook CS Technical Report 
No.2/07. http:// www. count rysid esurv ey. org. uk/ pdf/ repor ts2007/ CS_ 
UK_ 2007_ TR2. pdf.

Moinet, G. Y. K., R. Hijbeek, D. P. van Vuuren, and K. E. Giller. 2023. 
“Carbon for Soils, Not Soils for Carbon.” Global Change Biology 29, no. 
9: 2384–2398. https:// doi. org/ 10. 1111/ gcb. 16570 .

Morton, R. D., C. G. Marston, A. W. O'Neil, and C. S. Rowland. 2021. 
Land Cover Map 2020 (Land Parcels, GB) [Data Set]. NERC EDS 
Environmental Information Data Centre. https:// doi. org/ 10. 5285/ 
0E99D 57E-  1757-  451F-  AC9D-  92FD1 256F02A.

Newell Price, J. P., A. P. Williams, L. Bentley, and J. R. Williams. 2023. 
“Qualitative Impact Assessment of Land Management Interventions 
on Ecosystem Services (“QEIA”). Report- 3 Theme- 3: Soils. (Defra 
ECM_62324/UKCEH 08044).”

Padarian, J., B. Minasny, A. McBratney, and P. Smith. 2022. “Soil 
Carbon Sequestration Potential in Global Croplands.” PeerJ 10: e13740. 
https:// doi. org/ 10. 7717/ peerj. 13740 .

Panagos, P., L. Montanarella, M. Barbero, A. Schneegans, L. Aguglia, 
and A. Jones. 2022. “Soil Priorities in the European Union.” Geoderma 
Regional 29: e00510. https:// doi. org/ 10. 1016/j. geodrs. 2022. e00510.

Pinheiro, J., D. Bates, and R Core Team. 2023. “nlme: Linear and 
Nonlinear Mixed Effects Models. R Package Version 3.1–163.”

Powlson, D. S., A. Bhogal, B. J. Chambers, et al. 2012. “The Potential 
to Increase Soil Carbon Stocks Through Reduced Tillage or Organic 
Material Additions in England and Wales: A Case Study.” Agriculture, 
Ecosystems & Environment 146, no. 1: 23–33. https:// doi. org/ 10. 1016/J. 
AGEE. 2011. 10. 004.

Powlson, D. S., and M. V. Galdos. 2023. “Challenging Claimed Benefits 
of Soil Carbon Sequestration for Mitigating Climate Change and 
Increasing Crop Yields: Heresy or Sober Realism?” Global Change 
Biology 29: 2381. https:// doi. org/ 10. 1111/ gcb. 16640 .

R Core Team. 2023. R: A Language and Environment for Statistical 
Computing. R Foundation for Statistical Computing. https:// www. r-  
proje ct. org/ .

Ramírez- Aldana, R., and L. Naranjo. 2021. “Random Intercept and 
Linear Mixed Models Including Heteroscedasticity in a Logarithmic 
Scale: Correction Terms and Prediction in the Original Scale.” PLoS 
One 16, no. 4: e0249910. https:// doi. org/ 10. 1371/ journ al. pone. 0249910.

Reinsch, S., L. Bentley, M. Brentegani, et  al. 2023. Topsoil Physico- 
Chemical Properties From the UKCEH Countryside Survey, Great 
Britain, 2022. NERC EDS Environmental Information Data Centre. 
https:// doi. org/ 10. 5285/ d53fd f1d-  767a-  4046-  821a-  ea645 001ddd3.

Reynolds, B., P. M. Chamberlain, J. Poskit, et  al. 2013. “Countryside 
Survey: Naional “Soil Change” 1978–2007 for Topsoils in Great 
Britain—Acidity, Carbon, and Total Nitrogen Status”. https:// doi. org/ 
10. 2136/ vzj20 12. 0114.

Robinson, D. A., L. Bentley, L. Jones, et  al. 2024. “Five Decades' 
Experience of Long- Term Soil Monitoring, and Key Design Principles, 
to Assist the EU Soil Health Mission.” European Journal of Soil Science 
75, no. 5: e13570. https:// doi. org/ 10. 1111/ ejss. 13570 .

Robinson, D. A., A. Thomas, S. Reinsch, et  al. 2022. “Analytical 
Modelling of Soil Porosity and Bulk Density Across the Soil Organic 
Matter and Land- Use Continuum.” Scientific Reports 12, no. 1: 7085.

Robinson, D. A., B. Williams, S. Smart, et al. 2023. UKCEH Countryside 
Survey: Soil Handbook 2019–2023—Soil Cores, 26. UK Centre for 
Ecology & Hydrology.

Rumpel, C., J. Lehmann, and A. Chabbi. 2018. “Boost Soil Carbon for 
Food and Climate.” Nature 553: 27.

Sanderman, J., T. Hengl, and G. J. Fiske. 2017. “Soil Carbon Debt of 
12,000 Years of Human Land Use.” Proceedings of the National Academy 
of Sciences of the United States of America 114, no. 36: 9575. https:// doi. 
org/ 10. 7910/ DVN/ QQQM8V.

Scott, A. 2008. “CS Technical Report no.4/07 Statistical Report. Centre 
for Ecology and Hydrology (Natural Environment Research Council). 
CEH Lancaster, Lancaster Environment Centre.”

Smart, S. M., L. C. Maskell, L. R. Norton, et al. 2023. UKCEH Countryside 
Survey: Vegetation Plots Field Handbook 2019–2023, 52. UK Centre for 
Ecology & Hydrology.

Smith, P. 2004. “Carbon Sequestration in Croplands: The Potential in 
Europe and the Global Context.” European Journal of Agronomy 20, no. 
3: 229–236. https:// doi. org/ 10. 1016/j. eja. 2003. 08. 002.

Smith, P., O. Andrén, T. Karlsson, et  al. 2005. “Carbon Sequestration 
Potential in European Croplands Has Been Overestimated.” Global 
Change Biology 11, no. 12: 2153–2163. https:// doi. org/ 10. 1111/j. 1365-  
2486. 2005. 01052. x.

Smith, P., D. S. Powlson, J. U. Smith, P. Falloon, and K. Coleman. 2000. 
“Meeting the UK'S Climate Change Commitments: Options for Carbon 
Mitigation on Agricultural Land.” Soil Use and Management 16, no. 1: 
1–11. https:// doi. org/ 10. 1111/J. 1475-  2743. 2000. TB001 62. X.

Soane, B. D., B. C. Ball, J. Arvidsson, G. Basch, F. Moreno, and J. 
Roger- Estrade. 2012. “No- Till in Northern, Western and South- Western 
Europe: A Review of Problems and Opportunities for Crop Production 
and the Environment.” Soil and Tillage Research 118: 66–87. https:// doi. 
org/ 10. 1016/j. still. 2011. 10. 015.

Thomas, A., B. J. Cosby, P. Henrys, and B. Emmett. 2020. “Patterns 
and Trends of Topsoil Carbon in the UK: Complex Interactions 
of Land Use Change, Climate and Pollution.” Science of the Total 
Environment 729: 138330. https:// doi. org/ 10. 1016/J. SCITO TENV. 
2020. 138330.

UN General Assembly. 2015. “Transforming Our World: The 2030 
Agenda for Sustainable Development, 21 October 2015. In A/RES/70/1.” 
https:// www. refwo rld. org/ docid/  57b6e 3e44. html.

Upcott, E. V., P. A. Henrys, J. W. Redhead, S. G. Jarvis, and R. F. Pywell. 
2023. “A New Approach to Characterising and Predicting Crop Rotations 
Using National- Scale Annual Crop Maps.” Science of the Total Environment 
860: 160471. https:// doi. org/ 10. 1016/J. SCITO TENV. 2022. 160471.

Wendt, J. W., and S. Hauser. 2013. “An Equivalent Soil Mass Procedure 
for Monitoring Soil Organic Carbon in Multiple Soil Layers.” European 
Journal of Soil Science 64: 58–65. https:// doi. org/ 10. 1111/ ejss. 12002 .

Wood, C. M., R. G. H. Bunce, L. R. Norton, et  al. 2018. “Ecological 
Landscape Elements: Long- Term Monitoring in Great Britain, the 
Countryside Survey 1978- 2007 and Beyond.” Earth System Science Data 
10, no. 2: 745–763. https:// doi. org/ 10. 5194/ essd-  10-  745-  2018.

Wood, C. M., D. C. Howard, P. A. Henrys, R. G. H. Bunce, and S. M. 
Smart. 2012. Countryside Survey: Measuring Habitat Change Over 
30 Years 1978 Data Rescue—Final Report (CEH Project No.: NEC03689). 
NERC/Centre for Ecology & Hydrology.

Wood, C. M., S. M. Smart, R. G. H. Bunce, et  al. 2017. “Long- Term 
Vegetation Monitoring in Great Britain—The Countryside Survey 
1978–2007 and Beyond.” Earth System Science Data 9: 445–459. https:// 
doi. org/ 10. 5194/ essd-  9-  445-  2017.

Supporting Information

Additional supporting information can be found online in the 
Supporting Information section.  

 13652389, 2025, 3, D
ow

nloaded from
 https://bsssjournals.onlinelibrary.w

iley.com
/doi/10.1111/ejss.70131 by U

K
 C

entre For E
cology &

 H
ydrology, W

iley O
nline L

ibrary on [19/06/2025]. See the T
erm

s and C
onditions (https://onlinelibrary.w

iley.com
/term

s-and-conditions) on W
iley O

nline L
ibrary for rules of use; O

A
 articles are governed by the applicable C

reative C
om

m
ons L

icense

https://doi.org/10.1016/j.agee.2009.07.006
http://www.countrysidesurvey.org.uk/pdf/reports2007/CS_UK_2007_TR2.pdf
http://www.countrysidesurvey.org.uk/pdf/reports2007/CS_UK_2007_TR2.pdf
https://doi.org/10.1111/gcb.16570
https://doi.org/10.5285/0E99D57E-1757-451F-AC9D-92FD1256F02A
https://doi.org/10.5285/0E99D57E-1757-451F-AC9D-92FD1256F02A
https://doi.org/10.7717/peerj.13740
https://doi.org/10.1016/j.geodrs.2022.e00510
https://doi.org/10.1016/J.AGEE.2011.10.004
https://doi.org/10.1016/J.AGEE.2011.10.004
https://doi.org/10.1111/gcb.16640
https://www.r-project.org/
https://www.r-project.org/
https://doi.org/10.1371/journal.pone.0249910
https://doi.org/10.5285/d53fdf1d-767a-4046-821a-ea645001ddd3
https://doi.org/10.2136/vzj2012.0114
https://doi.org/10.2136/vzj2012.0114
https://doi.org/10.1111/ejss.13570
https://doi.org/10.7910/DVN/QQQM8V
https://doi.org/10.7910/DVN/QQQM8V
https://doi.org/10.1016/j.eja.2003.08.002
https://doi.org/10.1111/j.1365-2486.2005.01052.x
https://doi.org/10.1111/j.1365-2486.2005.01052.x
https://doi.org/10.1111/J.1475-2743.2000.TB00162.X
https://doi.org/10.1016/j.still.2011.10.015
https://doi.org/10.1016/j.still.2011.10.015
https://doi.org/10.1016/J.SCITOTENV.2020.138330
https://doi.org/10.1016/J.SCITOTENV.2020.138330
https://www.refworld.org/docid/57b6e3e44.html
https://doi.org/10.1016/J.SCITOTENV.2022.160471
https://doi.org/10.1111/ejss.12002
https://doi.org/10.5194/essd-10-745-2018
https://doi.org/10.5194/essd-9-445-2017
https://doi.org/10.5194/essd-9-445-2017

	First Signs That National Cropland Organic Carbon Loss Is Reversing in British Topsoils
	ABSTRACT
	1   |   Introduction
	2   |   Materials and Methods
	2.1   |   Countryside Survey Sampling Design
	2.1.1   |   Soil Sampling
	2.1.2   |   Habitat Allocation

	2.2   |   Soil Processing
	2.2.1   |   Loss on Ignition
	2.2.2   |   Comparing TGA and Muffler Furnace Measurements of LOI
	2.2.3   |   Bulk Density
	2.2.4   |   Calculating SOC From LOI

	2.3   |   Data Used in This Analysis
	2.4   |   National Change in SOC
	2.5   |   Estimating National SOC Change

	3   |   Results
	4   |   Discussion
	5   |   Conclusion
	Author Contributions
	Conflicts of Interest
	Data Availability Statement
	References


